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« Personal introduction

« 60,000ft view of a big “The Problem” (questionable research practices)

» A (potential) solution: Open science practices (examples; limitations; etc.)
» Highways and Byways: The Open Science Infrastructure

* How to Get Involved

* Q&A session | Open discussion
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Before we begin...

» Please accept my sincerest apologies for my last-minute postponement

back in the spring semester!
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Before we begin...

» Please accept my sincerest apologies for my last-minute postponement

back in the spring semester!

« Major thanks to Steven and Seth for being so understanding during a

particularly stressful time.

* | am delighted that you invited me back!

-w John Chambers College of

v-WestVKgirﬂaUmversigL Business and Economics



A7

Before we begin...

| also want to recognize some of my close collaborators

* Frank Bosco

* Martin Gotz

» George Banks
» Ernest O’'Boyle

* Frew Oswald

WestVirginiaUniversity:

(Virginia Commonwealth U.)
(University of Zurich)

(U. of North Carolina at Charlotte)
(Indiana U.)

(Rice U.)
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About Me...

 Originally from Tralee, County
Kerry
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About Me...

 Originally from Tralee, County
Kerry

e Came to the U.S. In 2004 on a
golf scholarship
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 How it started....



 How it started....

Here is 14-year-old me
being presented with the
“Junior Golfer of the Year”
medal by Arnold Palmer

For those of you who are
not familiar with golf, he’s a
legend!!




 How it's going...
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 How it's going...

Here's a picture of my golf
clubs (taken last night).

They hang in my garage.

WV' WestVirginiaUniversity.



About Me...

 Originally from Tralee, County
Kerry

e Came to the U.S. In 2004 on a
MARSHALL golf scholarship

» Glenville, WV = Huntington, WYV,
- Richmond, VA
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Kerry
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Assistant Professor at WVU since
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Interests

Meta-Science
(incl. Big Data)

John Chambers College of

“ WestVKgirﬂaUmversigL Business and Economics



Research
Interests

Meta-Science

(incl. Big Data)
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More alike than different? A comparison
of variance explained by cross-cultural

models
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Abstract

Relatively little is known about the extent to which culture moderates findings
in applied psychology research. To address this gap, we leverage the metaBUS
database of over 1,000,000 published findings to examine the extent to which
six popular cross-cultural models explain variance in findings across 136
bivariate relationships and 56 individual cultural dimensions. We compare
moderating effects attributable to Hofstede's dimensions, GLOBE's practices,
GLOBE's values, Schwartz's Value Survey, Ronen and Shenkar's cultural clusters,
and the United Nations’ M49 standard. Results from 25,296 multilevel meta-
analyses indicate that, after accounting for statistical artifacts, cross-cultural
madels explain approximately 5-7% of the variance in findings. The variance
explained did not vary substantially across models. A similar set of analyses on
observed effect sizes reveal differences of || = .05-.07 attributable to culture
Variance among the 136 bivariate relationships was explained primarily by
sampling error, indicating that cross-cultural moderation assessments require
atypically large sample sizes. Our results provide important information for
understanding the overall level of explanatory power attributable to cross-
cultural models, their relative performance, and their sensitivity to variance in
the topic of study. In addition, our findings may be used to inform power
analyses for future research. We discuss implications for research and practice
Journal of International Business Studies (2021).
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Keywords: meta-analysis; big data; open science; cross-cultural research/measurement
Issues
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RESEARCH A E SUMMARY

PSYCHOLOGY

Estimating the reproducibility of
psychological science

Open Science Collaboration™

INTRODUCTION: Reproducibility is a defin-
ing feature of science, but the extent to which
it characterizes current research is unknown.
Scientific claims should not gain credence
because of the status or authority of their
originator but by the replicability of their
supporting evidence. Even research of exem-
plary quality may have irreproducible empir-
ical findings because of random or systematic
error.

RATIONALE: There is concern about the rate
and predictors of reproducibility, but limited
evidence. Potentially problematic practices in-
clude selective reporting, selective analysis, and
insufficient specification of the conditions nec-
essary or sufficient to obtain the results. Direct
replication is the attempt to recreate the con-
ditions believed sufficient for obtaining a pre-

viously observed finding and is the means of
establishing reproducibility of a finding with
new data. We conducted a large-scale, collab-
orative effort to obtain an initial estimate of
the reproducibility of psychological science.

RESULTS: We conducted replications of 100
experimental and correlational studies pub-
lished in three psychology journals using high-
powered designs and original materials when
available. There is no single standard for eval-
uating replication success. Here, we evaluated
reproducibility using significance and P values,
effect sizes, subjective assessments of replica-
tion teams, and meta-analysis of effect sizes.
The mean effect size (r) of the replication ef-
fects (M = 0.197, SD = 0.257) was half the mag-
nitude of the mean effect size of the original
effects (M} = 0.403, SD = 0.188), representing a

John Chambers College of
Business and Economics




Joumal of Business and Psychology
n t e r e E ; t f ; https://doi.org/10.1007/510869-018-9547-8
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@ CrossMark

Answers to 18 Questions About Open Science Practices

George C. Banks' - James G. Field” - Frederick L. Oswald? - Ernest H. O'Boyle” - Ronald S. Landis® - Deborah E. Rupp® -
Steven G. Rogelberg'

) Springer Science-+Business Media, LLC, part of Springer Nature 2018

O p e n Abstract

S C i e n C e Open f;cicnf:c refers to an array of practices that promote opc_nn_css. inlcgr_uy. and rcpn?dumbihty i¥1 research; the mu_.:ms of which
are being vigorously debated and developed across academic journals, listservs, conference sessions, and professional associa-
tions. The current paper identifies and clarifies major issues related to the use of open science practices (e.g., data sharing, study
pre-registration, open access journals). We begin with a useful general description of what open science in organizational research
represents and adopt a question-and-answer format. Through this format, we then focus on the application of specific open
science practices and explore future directions of open science. All of this builds up to a series of specific actionable recom-
mendations provided in conclusion, to help individual researchers, reviewers, journal editors, and other stakeholders develop a
more open research environment and culture.

Keywords Open science - Philosophy of science - Questionable research practices - Research ethics
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Research o
Correlational Effect Size Benchmarks
I n t e r e S t S Frank A. Bosco Herman Aguinis

Virginia Commonwealth University Indiana University
Kulraj Singh James G. Freld
South Dakota State University Virginia Commonwealth University

Charles A. Pierce
University of Memphis

1al for the scientific enterpnise and plays an incn entral role in

Resea rC h M et h Od S Effect size mformation is

the scientific process. We extracted 147,328 correlations and developed a hierarchical taxonomy of
vanables reported in Jowrnal of Applied Psychology and Personnel Psyehology from 1980 to 2010
produce empirical effect size benchmarks at the omnibus level, for 20 commeon research domains, and for
an even finer gramed level of generality. Results indicate that the usual mterpretation and classification
of effect sizes as small, medium, and large bear almost no resemblance to findings in the field, because
distnbutions of effect sizes exhibit tertile partitions at values approximately one-half to one-third those
intuted by Cohen ( 1988). Our results offer information that can be used for research planning and design
purposes, such as producing better informed non-nil hypotheses and estimating statistical power and
planning sample se accordingly. We also offer information wseful for understanding the relative

importance of the effect sizes found in a particular study in relationship to others and which research
domains have advanced maore or less, given that larger effect sizes indicate a better understanding of a
phenomenon. Also, our study offers information shout research domains for which the mvestigation of
facilitate the imple-

ay be more fruitful and provide mformation that is likely b
mentation of Bayesian analysis. Finally, our study offers information that practiioners can use to
evaluaie the relative effectiveness of various types of interventions.

Keywords: effect size, statistical analysis, null hypothesis testing, big data
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How robust is our cumulative knowledge on turnover? | e |

James G. Field' (5 + Frank A. Bosco” + Sven Kepes®

Published online: 28 February 2020
U Springer Science+Business Media, LLC, part of Springer Nature 2020

Abstract
R esearc h M et h 0 d S A]thuugIT systtmmi_c TEVIEWS are Consi{%cmd the primary means Tbr generating ctqnu]ati\'c knn\i-‘ls.ﬂgc anq their rcs.uhs are often
used to inform evidence-based practice, the robustness of their meta-analytic summary estimates is rarely investigated.
Consequently, the results of published systematic reviews and, by extension, our cumulative knowledge have come under
scrutiny. Using a comprehensive approach to sensitivity analysis, we examined the impact of outhiers and publication bias, as
well as their combined effect, on meta-analytic results on employee tumover. Our analysis of 205 distributions from seven
recently published meta-analyses revealed that meta-analytic results on tumover are often affected by publication bias and, less
frequently, outliers. Moreover, we observed that 33% of the recommendations for practice provided in the original systematic
Teviews on fumover were not robust to outliers and/or publication bias, which, if implemented by practitioners, could vield
unexpected consequences and, thus, widen the science-practice gap. We argue that practitioners should be skeptical about
implementing practices recommended by meta-analytic studies that do not include sensitivity analyses. To improve sensitivity
analysis reporting rates and, thus, the transparency of meta-analytic findings and recommendations for practice, we infroduce an
open-access software (metasen.shinyapps.io/genl/) that conducts all analyses performed in the current study. We provide
guidelmes and recommendations for future tumover studies and sensitivity analyses m the meta-analytic context.

Keywords Tumover - Sensitivity analysis - Publication bias - Outhers
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Research Methods
&

Software Develop.
See:

https://metasen.shinyapps.io/gen1/

https://casst.shinyapps.io/genl/,

wV' WestVirginiaUniversity:

Meta-Analytic Data

Upload meta-analytic data: Choose CSV file

Browse...

Welcome | Sensitivity Analysis Results Data with Outlier Label | d-score Results | FE Trim and Fill Funnel Plots | RETr

Welcome to the Meta-Sen interface!

Meta-Sen is a cloud-based, open access software that allows users to upload a meta-analytic dataset and provides as cutput all essential meta-analytic re

Meta-Sen performs the following...
* Ameta-analysis using the Hedges and Olkin (1925; see also Hedges & Olkin, 2014) approach to meta-analysis
* Two outlier detection assessments

© One-sample removed analysis (Berenstein, Hedges, Higgins, & Rothstein, 2009)

nfluence diagnostics (Viechtbauer & Cheung, 2010; see also Viechtbauer, 2017)

= This multivariate, multidimensional outlier detection procedure is performed iteratively until all outliers are remaved from the meta-
» Five publication bias detection assessments
o Contour-enhanced funnel plots (Peters, Sutton, Jones, Abrams, & Ruston, 2008)

o Trim and fill models (D
Cumulative meta-analysis by
priori selection models (Vevea & Woods, 2005)
Precision-effect test-precizion effect estimate with standard error analysis (PET-PEESE; Stanley & Doucoul
= Onenew visual approach te summarizing meta-analytic and sensitivity analysis results
o Aplot that displays the dispersion of meta-analytic and sensitivity analysis results, before and after outlier removal, which will allow users tc

val and Tweedie, 2000)

precision (Kepes, Banks, McDaniel, & Whetzel, 2012

gos, 2014)

Welcome to the Cross-Area Sample Size Tool (CASST) Interface!

Welcome!

John Chambers College of
Business and Economics
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Enough about me!

Let’s talk about research ethics and

open science practices...
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Rapid Fire Motivating Question:
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Rapid Fire Motivating Question:

What are the biggest challenges

facing our science?
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Biggest Challenges Answers

* You provided lots of great answers!
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Biggest Challenges Answers

* You provided lots of great answers!

* Indeed, the diversity of responses reveals how difficult it is to do what we
do!
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Biggest Challenges Answers

« Our goal should not be perfection (there is no such thing, IMO).

Instead, our goal should be improvement.
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Controversial Studies

Stanford Prison
Experiment

The Stanford prison experiment
(SPE) was a social psychology
experiment that attempted to
investigate the psychological
effects of perceived power,
focusing on the struggle
between prisoners and prison
officers.

https://en.wikipedia.org/wiki/Stanford prison_experiment

John Chambers College of
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Controversial Studies

Stanford Prison Milgram Obedience
Experiment Experiment
The Stanford prison experiment Measured the willingness of
(SPE) was a social psychology study participants, men from a
experiment that attempted to diverse range of occupations
investigate the psychological with varying levels of education,
effects of perceived power, to obey an authority figure who
focusing on the struggle instructed them to perform acts
between prisoners and prison conflicting with their personal
officers. conscience.
https://en.wikipedia.org/wiki/Stanford_prison_experiment https://en.wikipedia.org/wiki/Milgram experiment
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Controversial Studies

Stanford Prison
Experiment

The Stanford prison experiment
(SPE) was a social psychology
experiment that attempted to
investigate the psychological
effects of perceived power,
focusing on the struggle
between prisoners and prison
officers.

https://en.wikipedia.org/wiki/Stanford prison_experiment

Milgram Obedience
Experiment

Measured the willingness of
study participants, men from a
diverse range of occupations
with varying levels of education,
to obey an authority figure who
instructed them to perform acts
conflicting with their personal
conscience.

https://en.wikipedia.org/wiki/Milgram experiment

Tuskegee Syphilis
Experiment

Conducted by the US Public Health
Service and CDC, the purpose of the
study was to observe the natural
history of untreated syphilis. Although
the African-American men who
participated in the study were told
that they were receiving free health
care from the federal government of
the United States, they were not.

https://en.wikipedia.org/wiki/Tuskegee Syphilis Study

WV' WestVirginiaUniversity:
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Controversial Studies

Stanford Prison
Experiment

The Stanford prison experiment
(SPE) was a social psychology
experiment that attempted to
investigate the psychological
effects of perceived power,
focusing on the struggle
between prisoners and prison
officers.

https://en.wikipedia.org/wiki/Stanford prison_experiment

Milgram Obedience
Experiment

Measured the willingness of
study participants, men from a
diverse range of occupations
with varying levels of education,
to obey an authority figure who
instructed them to perform acts
conflicting with their personal
conscience.

https://en.wikipedia.org/wiki/Milgram experiment

Tuskegee Syphilis
Experiment

Conducted by the US Public Health
Service and CDC, the purpose of the
study was to observe the natural
history of untreated syphilis. Although
the African-American men who
participated in the study were told
that they were receiving free health
care from the federal government of
the United States, they were not.

https://en.wikipedia.org/wiki/Tuskegee Syphilis Study

Project MKUItra

A program of experiments on
human subjects that were
designed and undertaken by the
CIA were intended to identify
and develop drugs and
procedures to be used in
interrogations in order to
weaken the individual and force
confessions.

https://en.wikipedia.org/wiki/Project MKUltra

WV' WestVirginiaUniversity:
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Looking
ahead...

» Surely all the
hard lessons
are behind

us... right?
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Looking
ahead...

* |t looks like our
problems may
get even more
complicated in

the future...
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Looking
ahead... Qatterly

FAILURES OF FAIRNESS IN AUTOMATION
REQUIRE A DEEPER UNDERSTANDING

e |t looks like our OF HUMAN-ML AUGMENTATION'

Mike H. M. Teodorescu
Canoil Schoal of Management. Bosion College. Fuitan 460. 140 Gommonweait Avenue,
Chesinut Hil. MA 02467 U.SA. fmike leodarescu@be. sdu)

roblems ma Ly oo
Jehn Chambers College of Business and Ecanormics, West Virginia University,

Morgandown, Wy 26506 USA iy morse@mailw. edu}

Yazeed Awwad
Center for Camplex Systerrs, King Abdulaziz City for Stience & Technology, Riyadh 12354 SALIDI ARABIA,

and Massachusetis nstiule of Technolagy. 77 Massachusetis Averue, Buiding £18-302,
Cambridge, MA 02130 USA. [awwad@mit edy)
Gerald C. Kane

Carmell Schoal of Management, Bosion College, Fultan 460, 140 Commonweaif: Averue,
Chesirmut Hil, MA 02467 ULSA. {gerald kanei@be edu}

complicated in

afintre
ness off
s necessary. Howe

simiing tasks vet run the risk
e fo achleving fair-
station of ML tools

arniing (ML) tools reduce the costs of performing repetitive, time

urfisirness into organizational processes. Automated approac
s ta suggest that hiuman aug
er, our curvent understanding of hunan-ML atgientation remains limited. In this paper,

we argue that the Infarmation Systems (IS} discipline needs a more sophisticated view of and research inio
th e fu tu r’e Inmeare-ML asgmentation. We intraduce a ypology of augmentation for filmess consisting of four quadrants:
" reactive aversight, prooctive oversight, informed reliance, and supervised reliance. We dentf stgnificant
ions with previous IS research and distinet managerial approackes to fairness for each guadeant.
flerences between ML tools trained ou data
v wiay discover that the differences of ML iools undermine

vk

fail i conmy

itsartions, leading s

inferse

ions energe from fioddamnen

Several potential research que
and traditional IS built with code. IS research
some of the fundamental acsumplions upon !
massive rethinking of significant portions of the corpus of IS research in light of these differences, representing
an exciting frontier for research ino human-ML augmentarion in the years ahead that I researchers should

lassic IS theories and con . require

embri

Keywords: Faimess, machine learing, aug artificial intell
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Looking
ahead...

It looks like our
problems may
get even more
complicated in

the future...

Ne‘ff*terly

FAILURES OF FAIRNESS IN AUTOMATION
REQUIRE A DEEPER UNDERSTANDING
OF HUMAN-ML AUGMENTATION'

Mike H. M. Teodorescu
Canoil Schoal of Management. Bosion College. Fuitan 460. 140 Gommonweait Avenue,
Chesinut Hil. MA 02467 U.SA. fmike leodarescu@be. sdu)
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Center for Camplex Systerrs, King Abdulaziz City for Stience & Technology, Riyadh 12354 SALIDI ARABIA,
and Massachusetis nstiule of Technolagy. 77 Massachusetis Averue, Buiding £18-302,
Cambridge, MA 02130 USA. [awwad@mit edy)

Gerald C. Kane
Carmell Schoal of Management, Bosion College, Fultan 460, 140 Commonweaif: Averue,
Chesirmut Hil, MA 02467 ULSA. {gerald kanei@be edu}

is necessary. er, aur current understanding of luunan-ML augmentation remai

we argue that the Information Systems (IS) discipline needs o more sophisticated view of and researeh into
e ML augmentarion. We introduce a typology of augmentation for fairmess consisting of four quadrants:
nd supervised reliance. We identify significant
intersections with previous IS research and distinet managerial approgehes 1o foirness for each quadvan.
Several patential research questions emerge from findamental differences between ML vained o data
and traditional IS built with code. IS researchers may discover that the difevences of ML wols wndenmnine
some of the fundamental acsumpiions upon which elassic IS theories and concepts vest. ML may require
massive rethinking of significant portions of the corpus of IS research in light of these differences, representing
an exciting frontier for research into human-ML aug 1rs ahead that IS researchers should
emibrace.

niation in

Keywords: Faimess, machine leaming artificial intell

Digital Phenotyping of Big Five Personality Traits
via Facebook Data Mining: A Meta-Analysis

Davide Marengo™ & Christian Montag?

" Department of Psychology, University of Turin, ltaly
* Department of Molecular Psychology, Institute for Psychology and Education, Ulm University, Germany

Abstract Ariice History

Background: About 25 billion people around the world currently have an active account on Facebook By i~ Recefved 29 November 2019
teracting with Facebook, users penerate a vast dataset of information with potential links to psychological and  Reised 29 Februar 2020
behavioral characteristics. In particular,several researchers have already demonstrated that it s feasible to predict  Accepted 1 March 2020
personality from activity logs, posted text, or “Like” behaviors on Facebook.

Objectives: In this study, we carried out a meta-analysis of the available literature on predicting personality from
Facebook data.

Methods: Meta-analysis computations were performed using a multilevel approach.

Resuls: Results showed that, on average, the accuracy of prediction of user personality scores through the min-
ing of Facebook data is moderate (r = 34). Howeer, prediction accuracy was improved when models included

DOI 10.24989dpv1i1 1823

demographic variables, and multiple types of digital footprints.

Discussions: Currently, genrating personality predictions from Facebook data is feasible, but accuracy is at best
moderate. Therefore, current predictions cannot be used for assessment purposes at the individual level but may
provide useful information when conducting group-level assessments. However, prediction accuracy is expected
o improve as larger datasets and new types of data are mined for prediction purposes.

Keywords: social media, personality, Facebaok, digital phenotyping, psychoinformatics
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Current research environment

» The 2010s was not a good decade for science in general...
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Current research environment

» The 2010s was not a good decade for science in general...

« Statistical tests in primary studies appeared to be grossly underpowered (Gétz et al., 2021; O'Boyle et

al., 2019)

» Growing empirical evidence regarding the incidence and impact of questionable research

practices (Banks et al., 2016a; Banks et al., 2016b; Bosco et al., 2016)

* Replication rates for primary studies have ranged from 39% to 77% when using a criterion

of p> .05 (Klein et al., 2018b; Open Science Collaboration, 2015

* Robustness of meta-analytic findings have been brought into question (rieid et al., 2021; Harrison et al.,
2017)
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Current research environment

» Together, the accumulated evidence supported the notion that the

psychological sciences are experiencing a “crisis of confidence”

(De Boeck & Jeon, 2018)
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Questionable Research Practices

» The current situation is due in part to researchers engaging in

guestionable research practices (QRPS)
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Questionable Research Practices

* QRPs operate in the ambiguous space between what one might

consider best practices and academic misconduct
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Questionable Research Practices

« Common examples of QRPs:

(1) Selectively report hypotheses

(see O’'Boyle, Banks, & Gonzalez-Mule, 2016)

retractionwatch.com
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Questionable Research Practices

« Common examples of QRPs:

(1) Selectively report hypotheses

(see O’'Boyle, Banks, & Gonzalez-Mule, 2016)

(2) Exclude data post hoc

(see De Vries, Anderson, & Martinson, 2006) retractionwatch.com
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Questionable Research Practices

« Common examples of QRPs:

(1) Selectively report hypotheses

(see O’'Boyle, Banks, & Gonzalez-Mule, 2016)

(2) Exclude data post hoc

(see De Vries, Anderson, & Martinson, 2006) retractionwatch.com

(3) HARKIing

(see Bosco et al, 2016)
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Questionable Research Practices

« Common examples of QRPs:

(1) Selectively report hypotheses (4) Selectively include control variables
(see O’'Boyle, Banks, & Gonzalez-Mule, 2016) (see Kepes & McDaniel, 2013)

(2) Exclude data post hoc

(see De Vries, Anderson, & Martinson, 2006) retractionwatch.com

(3) HARKIing

(see Bosco et al, 2016)
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Questionable Research Practices

« Common examples of QRPs:

(1) Selectively report hypotheses (4) Selectively include control variables
(see O’'Boyle, Banks, & Gonzalez-Mule, 2016) (see Kepes & McDaniel, 2013)

(2) Exclude data post hoc (5) Falsify data

(see De Vries, Anderson, & Martinson, 2006) (several examples from our field — see retractionwatch.com)

(3) HARKIing

(see Bosco et al, 2016)
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Questionable Research Practices

« Common examples of QRPs:

(1) Selectively report hypotheses (4) Selectively include control variables
(see O’'Boyle, Banks, & Gonzalez-Mule, 2016) (see Kepes & McDaniel, 2013)

(2) Exclude data post hoc (5) Falsify data

(see De Vries, Anderson, & Martinson, 2006) (several examples from our field — see retractionwatch.com)

(3) HARKIing (6) p-hacking

(see Bosco et al, 2016) (see Head et al., 2015; Gotz et al., 2021)
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Open Science:

A Self-Correction Mechanism for IO Research?

« Could there be a silver lining?
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Open Science:
A Self-Correction Mechanism for IO Research?

* In short order the open science
movement is transforming how I-O
research is done, reported, and

evaluated.
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What is Open Science?

» Transparent and accessible knowledge that is shared and developed

through collaborative Nnetworks wicente-saez & martinez Fuentes, 2018)
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What is Open Science?

» Athriving facet of the scientific ecosystem that is nurtured by a variety of
concepts, ranging from scientific philosophies and cultural norms, to
specific practices that operationalize these perspectives and help

scholars to enact such NOrms. ganks et ai. 2018: Gotz & Field, in press)
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Purpose of Open Science Practices

» To improve the openness, integrity, rigor, and reproducibility of research
by preventing research misconduct or reducing questionable research

and/or reporting practices
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Purpose of Open Science Practices

« To improve the openness, integrity, rigor, and reproducibility of research
by preventing research misconduct or reducing questionable research
and/or reporting practices

« Can also help to...

* Promote communication and collaboration
* Enhance meta-analytic reviews

» Facilitate a better understanding of the scientific process
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Examples of Open Science Practices

(1) Sharing data and analytic files

(see Field et al., in press)
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Examples of Open Science Practices

osfio/32cdy/

£33 OSFHOME

More alike than different? A compariso.. Files  Wiki  Analytics  Registrations

(1) Sharing data and analytic files

(see Field et al., in press) More alike than different? A comparison of
variance explained by cross-cultural models

Contributors: James Field
Date created: 2021-0
Category. @ Project

309:43 AM | Last Updated: 2021-04-19 11:06 AM

Files =
Qriter i
Name Modified
© More alike than different? A comparison of variance explained by c...
- & OSFStorage (United States)
- & Data files
3 IndivDimension_SVS_mastery_20072_20187.csv 2021-03-13 09:59 AM
[ Individual data files.zip 2021-03-13 10:03 AM
- & Rscript
3 replicationScript.R 2021-03-13 10:05 AM

Business and Economics
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Examples of Open Science Practices

(1) Sharing data and analytic files

(see Field et al., in press)

(2) Justifying statistical significance thresholds

(see Lakens et al., 2016)
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Examples of Open Science Practices

(2) Justifying statistical significance thresholds

(see Lakens et al., 2016)

WV' WestVirginiaUniversity:

Conclusion

Science is diverse, and it is up to scientists to justify the alpha level they decide to use. As
Fisher noted': "...no scientific worker has a fixed level of significance at which, from year to
year, and in all circumstances, he rejects hypotheses; he rather gives his mind to each
particular case in the light of his evidence and his ideas." Research should be guided by
principles of rigorous science'®, not by heuristics and arbitrary blanket thresholds. These
principles include not only sound statistical analyses, but also experimental redundancy
(e.g., replication, validation, and generalisation), avoidance of logical traps, intellectual
honesty, research workflow transparency, and accounting for potential sources of error.
Single studies, regardless of their p-value, are never enough to conclude that there is strong
evidence for a substantive claim. We need to train researchers to assess cumulative
evidence and work towards an unbiased scientific literature. We call for a broader mandate

beyond p-value thresholds whereby all justifications of key choices in research design and

statistical practice are transparently evaluated, fully accessible, and pre-registered whenever

feasible

John Chambers College of
Business and Economics




Examples of Open Science Practices

(1) Sharing data and analytic files

(see Field et al., in press)

(2) Justifying statistical significance thresholds

(see Lakens et al., 2016)

(3) A priori sample size estimation

(see Lakens, 2021;Field et al., in press)

-w John Chambers College of
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Examples of Open Science Practices

Table 1
Overview of possible justifications for the sample size in a study.

Type of justification When is this justification applicable?

Measure entire population A researcher can specify the entire population, it is finite, and it is possible
to measure (almost) every entity in the population.

Resource constraints Limited resources are the primary reason for the choice of the sample size
a researcher can collect.
. . . . ; Accuracy The research question focusses on the size of a parameter, and a researcher
(3) A p riort sam p | e size eSt| m at' on collects sufficient data to have an estimate with a desired level of accuracy.
(see Lakens, 2021;Field et al., in press) A-priori power analysis The research gquestion has the aim to test whether certain effect sizes can

be statistically rejected with a desired statistical power.

Heuristics A researcher decides upon the sample size based on a heuristic, general rule
or norm that is described in the literature, or communicated orally.

No justification A researcher has no reason to choose a specific sample size, or does not have
a clearly specified inferential goal and wants to communicate this honestly.

Source: Lakens (2021)
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Examples of Open Science Practices

Welcome to the Cross-Area Sample Size Tool (CASST) Interface!

Variablet Variable2 Cross Cultural.Model

Table 8. Cross-Cultural Effects Nested in Specific Bivariate Relation

| | | | | evarate relalicn. The tatter can be use ) i ol senrch:
(3) A priori Sample Size estimation < K =

(see Lakens, 2021;Field et al., in press) s

1449 4 0
1449 20 0128
) 01
Aoty 1449 ) 0164 o7
1449 0
Autoneeny 1449 % 2001

Source: Field et al. (in press)
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Examples of Open Science Practices

(1) Sharing data and analytic files

(see Field et al., in press)

(2) Justifying statistical significance thresholds

(see Lakens et al., 2016)

(3) A priori sample size estimation

(see Lakens, 2021;Field et al., in press)

(4) Study and analytic plan pre-registration

(see Soderberg et al., 2021; Toth et al., 2021)
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Examples of Open Science Practices

Organizational Behavior and Human Decision Processes 165 (2021) 228-249

Contents lists available at ScienceDirect

Organizational Behavior and Human Decision Processes

ELSEVIER journal homepage: www.elsevier.com/locate/obhdp

Same data, different conclusions: Radical dispersion in empirical results
when independent analysts operationalize and test the same hypothesis™

ARTICLE INFO ABSTRACT

Keywords: In this crowdsourced initiative, independent analysts used the same datasct to test two hypotheses regarding the

Crowdsourcing data analysis effects of scientists” gender and professional status on verbosity during group meetings. Not only the analytic
Scientific transparency

( 4) Stu d y an d an alytl C p | a n p r e _ r e g I St r atl O n Slentifc transpare approach but also the operationalizations of key variables were left unconstrained and up to individus] analysts.
Scientific robustness For instance, analysts could choose to operationalize status as job title, institutional ranking, citation counts, or
Researcher degrees of reedom some combination. To maximize transparency regarding the process by which analytic choices are made, the
(see Soderberg et al., 2021; Toth et al., 2021) Aot comtingent reslt analysts used a platform we developed ealled ;amixplaiied mpjusn‘fy oot preferred i rejected analytic paths
in real time. Analyses lacking sufficient detail, reproducible code, or with statistical errors were excluded,
resulting in 29 analyses in the final sample. Researchers reported radically different analyses and dispersed
empirical outcomes, in a number of cases obtaining significant effects in opposite directions for the same research
question. A Boba multiverse analysis demonstrates that decisions about how to operationalize variables explain
variability in outcomes abave and beyond statistical choices (¢.g, covariates). Subjective researcher decisions
play a critical role in driving the reported empirical results, underscoring the need for open data, systematic
robustness checks, and transparency regarding both analytic paths taken and not taken. Implications for orga-
nizations and leaders, whose decision making relies in part on scientific findings, consulting reports, and intemal
analyses by data scientists, are discussed.
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Examples of Open Science Practices

(4) Study and analytic plan pre-registration

(see Soderberg et al., 2021; Toth et al., 2021)

WV' WestVirginiaUniversity:

nature > nature human behaviour > articles > article

Article | Published: 24 June 2021

Initial evidence of research quality of registered
reports compared with the standard publishing model

Courtney K. Soderberg, Timothy M. Errington, Sarah R. Schiavone, Julia Bottesini, Felix Singleton Thorn,

Simine Vazire, Kevin M. Esterling & Brian A. Nosek &

Nature Human Behaviour 5, 990-997 (2021) ‘ Cite this article

1599 Accesses ‘ 3 Citations ‘ 251 Altmetric ‘ Metrics

Abstract

In registered reports (RRs), initial peer review and in-principle acceptance occur before
knowing the research outcomes. This combats publication bias and distinguishes planned
from unplanned research. How RRs could improve the credibility of research findings is
straightforward, but there is little empirical evidence. Also, there could be unintended costs
such as reducing novelty. Here, 353 researchers peer reviewed a pair of papers from 29
published RRs from psychology and neuroscience and 57 non-RR comparison papers.RRs
numerically outperformed comparison papers on all 19 criteria (mean difference 0.46, scale

range —4 to +4) with effects ranging from RRs being statistically indistinguishable from
comparison papers in novelty (0.13, 95% credible interval [-0.24, 0.49]) and creativity (0.22,
[-0.14, 0.58]) to sizeable improvements in rigour of methodology (0.99, [0.62, 1.35]) and
analysis (0.97, [0.60, 1.34]) and overall paper quality (0.66, [0.30, 1.02]). RRs could improve
research quality while reducing publication bias and ultimately improve the credibility of
the published literature.
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Examples of Open Science Practices

(1) Sharing data and analytic files

(see Field et al., in press)

(2) Justifying statistical significance thresholds

(see Lakens et al., 2016)

(3) A priori sample size estimation

(see Lakens, 2021;Field et al., in press)

(4) Study and analytic plan pre-registration

(see Soderberg et al., 2021; Toth et al., 2021)

(5) Promoting alternate submission options
(see Aguinis et al., 2020; Woznyj et al., 2018)
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Examples of Open Science Practices

(5) Promoting alternate submission options
(see Aguinis et al., 2020; Woznyj et al., 2018)

WV' WestVirginiaUniversity:

Table 1

Recommendations for narrowing the science-practice gap in open science: Updating the knowledge-production process.

Recommendation

Benefits

Primary decision-makers
invalved in the

Resources needed to implement and enforce the

recommendations

1. Require preregistration of quantitative
and qualitative primary studies

Definition of the research problem
® Improved explanation of theoretical
and practical problems

Study design
® Improved planning of study design

Data analyses

® Improved planning of analyses

Reporting and publishing

® Improved transparency (e.g.,
improved differentiation between
confirmatory and exploratory
analyses)

2. Introduce a review track using a
registered-report format

Reporting and publishing
® Improved credibility of findings and

reputations of journals and authars

® Improved jon of contributions
and methodological rigor

3. Introduce a second submission track for
results-blind reviews

Reporting and publishing
® Improved reviewer evaluations that

minimize reviewer biases

4. Motivate authors to discuss validity
threats honestly and precisely to re-
invigorate the Discussion sections of
papers

® Improved transparency

Reporting and publishing
® Improved credibility and practical
usefulness of scientific findings

Editors, funding agencies, and
authors

Editors

Editors and publishers

Editors and authors

® Financial resources: None

® Time: 3050 min of authors’ time to preregister
using the Open Science Framework and creating
an anonymous link for peer-review

Additional resources: None

Enforcement: Editors can desk-reject
noncompliant submissions and funding agencies
can make funding contingent upon commitment
to preregistration

® Financial resources: Standard production
costs

® Time: 12 months’ time of action editor and
reviewer

Additional resources: none

Enforcement: None

Financial resources: Compensation for web
developer

® Time: 2 months' tme of a web developer
Additional resources: Training materials for
action editors and reviewers, author guidelines
® Enforcement: None

Financial resources: None
Time: Possible involvement of specialized

reviewers
* Additional resources: Training materials for
action editors and reviewers; author guidelines
® Enforcement: Requirement for publication

Source: Aguinis et al. (2020)
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Examples of Open Science Practices

Table 2. Descriptive statistics from the quantitative data.

Mean  Strongly Strongly %
I 1. The organizational sciences would benefit from the results-blind initiative 386 3.00% 740% 1580% 48.80% 25.10%  73.90%
T T . " . Lo ==l e S P D S o

science journals.
3. The results-blind review initiative would help combat questionable research practices  3.64  5.40%  13.30% 16.70% 40.90% 23.60%  64.50%
(e.q., selective reporting of hypotheses, hypothesizing after results are known
[HARKing], selective use of control variables).
4. The results-blind review initiative would help advance the cumulative knowledge in 383 3.00% 690% 17.70% 48.80% 2360%  72.40%
our science.
5. The potential benefits of implementing the results-blind review initiative outweigh ~ 3.51 300%  10.80% 3250% 39.90% 13.80%  53.70%
the costs.
6. Journals should offer the results-blind review as a path to submission, in addition to 376 5.00% 6.00% 16.90% 52.20% 19.90%  72.10%
the traditional path
7. As an author, | would want to pursue a results-blind review path to publication as 325  7.50%  1390% 33.80% 3530% 9.50%  44.80%
opposed to the traditional path.
(5) P ro m Otl n g alte r n ate S u b m ISS I O n O ptl O n S The response scale for each item was 1-5. “% Favourable” refers to the percentage of respondents who “Agree” and "Strongly Agree.” Participants were randomly
o . assigned to one of two versions (positively worded and negatively worded) of item numbers 1-5. There was an additienal item asking whether participants would
(see Aguinis et al., 2020; Woznyj et al., 2018) want to review a results-blind submission, but we dropped it due to a lack of a control item assessing participants’ desire to review in general.

Source: Woznyj et al. (20
John Chambers College of

“ WeStVII’giniaUHiVGI’Sily Business and Economics




Examples of Open Science Practices

Table 2. Descriptive statistics from the quantitative data.

Mean  Strongly Strongly %
I 1. The organizational sciences would benefit from the results-blind initiative 386 3.00% 740% 1580% 48.80% 25.10%  73.90%
T T . " . Lo ==l e S P D S o

science journals.

3. The results-blind review initiative would help combat questionable research practices  3.64  5.40%  13.30% 16.70% 40.90% 23.60%  64.50%
(e.q., selective reporting of hypotheses, hypothesizing after results are known
[HARKing], selective use of control variables).

4. The results-blind review initiative would help advance the cumulative knowledge in 383 3.00% 690% 17.70% 48.80% 2360%  72.40%
our science.

5. The potential benefits of implementing the results-blind review initiative outweigh ~ 3.51 300%  10.80% 3250% 39.90% 13.80%  53.70%
the costs.

6. Journals should offer the results-blind review as a path to submission, in addition to 376 5.00% 6.00% 16.90% 52.20% 19.90%  72.10%

7. As an author, | would want to pursue a results-blind review path to publication as 325  7.50%  1390% 33.80% 3530% 9.50%  44.80%
opposed to the traditional path.

(5) P ro m Otl n g alte r n ate S u b m ISS I O n O ptl O n S The response scale for each item was 1-5. “% Favourable” refers to the percentage of respondents who “Agree” and "Strongly Agree.” Participants were randomly

o . assigned to one of two versions (positively worded and negatively worded) of item numbers 1-5. There was an additienal item asking whether participants would
(see Aguinis et al., 2020; Woznyj et al., 2018) want to review a results-blind submission, but we dropped it due to a lack of a control item assessing participants’ desire to review in general.

Source: Woznyj et al. (20
John Chambers College of
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Examples of Open Science Practices

(1) Sharing data and analytic files (6) Transparent review process

(see Field et al., in press) (Kohler et al. 2020; Zhang et al., 2020)

(2) Justifying statistical significance thresholds

(see Lakens et al., 2016)

(3) A priori sample size estimation

(see Lakens, 2021;Field et al., in press)

(4) Study and analytic plan pre-registration

(see Soderberg et al., 2021; Toth et al., 2021)

(5) Promoting alternate submission options
(see Aguinis et al., 2020; Woznyj et al., 2018)
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Examples of Open Science Practices

Industrial and Organizational Psychology (2020), 13, 1-27 C AMBRIDGE
d0i:10.1017/i0p.2019.121 UNIVERSITY PRESS

FOCAL ARTICLE

Supporting robust, rigorous, and reliable reviewing

as the cornerstone, of our pl"ofession: Introducing (6) Transparent review proceSS
a competency framework for peer review (Kohler et al. 2020; Zhang et al., 2020)

Tine Kohler"™, M. Gloria Gonzélez-Morales’, George C. Banks®, Ernest H. O’Boyle?®,
Joseph A. Allen®, Ruchi Sinha®, Sang Eun Woo’, and Lisa M. V. Gulick®

'Department of Management and Marketing, The University of Melbourne, Parkville, Victoria, Australia; “Department of
Psychology, University of Guelph, Guelph, Ontario, Canada; *University of North Carolina-Charlotte, Charlotte, North
Carolina, USA; *Kelley School of Business, Indiana University, Bloomington, Indiana, USA; *University of Utah Health,
Salt Lake City, Utah, USA; “UniSA Business School, University of South Australia, Adelaide, South Australia, Australia;
“Purdue University, West Lafayette, Indiana, USA; and *Bendelta, Sydney, New South Wales, Australia

*Cy author. Email: du.au

(Received 15 December 2018; revised 16 September 2019; accepted 21 September 2019)

Abstract
Peer review is a critical component toward facilitating a robust science in industrial and organizational
(I-0) psychology. Peer review exists beyond academic publishing in izations, university departments,

grant agencies, classrooms, and many more work contexts. Rcvncwers are rﬁspnnslb]: for judging the quality of
research conducted and submitted for evaluation. Furthermore, they are responsible for treating authors and
their work with respect, in a supportive a.nd developmental manner. Given its central role in our profession, it
is curious that we do not have lized review guidelines or standards and that most of us never receive
formal training in peer reviewing. To support this endeavor, we are proposing a competency framework for
peer review. The purpose of the competency framework is to provide a definition of excellent peer reviewing
and guidelines to reviewers for which types of behaviors will lead to good peer reviews. By defining these

competencies, we create clarity around

: for peer review, standards for good peer reviews, and
opportunities for training the behaviors required to deliver good peer reviews. We further discuss how
the competency framework can be used to improve peer reviewing and suggest additional steps forward that
involve suggestions for how stakeholders can get involved in fostering high-quality peer reviewing.

peer review; competency framework; d I feedback reliable reviewing
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Examples of Open Science Practices

(6) Transparent review process
(Koéhler et al. 2020; Zhang et al., 2020)

Conclusion

In conclusion, we believe the benefits of open peer review outweigh its limitations. As a field, we
ought not to let the fear of incivility obstruct the betterment of our science. Despite its limitations,
open peer review is a viable solution toward improving the overall quality of peer reviews. For
open review to thrive, however, we believe other changes in reviewer expectations, civility norms,
and editorial policy are needed.

Source: Zhang et al. (2020)
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Examples of Open Science Practices

(1) Sharing data and analytic files (6) Transparent review process

(see Field et al., in press) (Koéhler et al. 2020; Zhang et al., 2020)

(2) Justifying statistical significance thresholds  (7) Utilizing open access interfaces (e.g., metaBUS)
(see Lakens et al., 2016) (see Bosco et al., 2020)

(3) A priori sample size estimation

(see Lakens, 2021;Field et al., in press)

(4) Study and analytic plan pre-registration

(see Soderberg et al., 2021; Toth et al., 2021)

(5) Promoting alternate submission options
(see Aguinis et al., 2020; Woznyj et al., 2018)
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Examples of Open Science Practices

We then searched the metaBUS database {Bosco, ,ﬂ'uguin‘_i!r.~ Sing.hl. Field,
& Pierce, 2015) for existing relationships between variables not identified
by Web of Science and gathered three additional estimates. We contacted

Source: Chamberlin et al. (2017)
(7) Utilizing open access interfaces (e.g., metaBUS)

(see Bosco et al., 2020)

3.3. Variability in effect size among various subpopulations

Using the Yu et al. (2016) technique, we can discern relationships in
the JD-R model which have high levels of variability in effect size in the
population. High variability (i.e., 80% CVg widths = 0.55; Bosco et al.,
2015; Yu et al., 2016)—particularly if the 80% CVj includes estimates
where the sign (+/—) of the path estimate switches—indicates the
presence of significant boundary conditions within the population. The
implication, as discussed below, is that there are certain subpopulations
(e.g., samples within certain industries, cultures, or various individual
differences) which moderate such relationships within the JD-R model.
We identify relationships based on suggested benchmarks set forth by
Bosco et al. (2015) as an update to Cohen’s (1992) conventional
benchmarks, and calculated for use in interpreting MASEM effect size
distributions by Yu et al. (2016) per the following: small heterogeneity
(i.e., the relationship is consistent across the entire population; 80%
CVp width of less than 0.18), moderate heterogeneity (ie., 80% CVg
width between 0.18 and 0.54), and large heterogeneity (80% CV, width
greater than 0.54).

Source: Goering et al. (2017)
John Chambers College of
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Examples of Open Science Practices

(1) Sharing data and analytic files (6) Transparent review process

(see Field et al., in press) (Kohler et al. 2020; Zhang et al., 2020)

(2) Justifying statistical significance thresholds  (7) Utilizing open access interfaces (e.g., metaBUS)
(see Lakens et al., 2016) (see Bosco et al., 2020)

(3) A priori sample size estimation (8) Removing paywalls to increase access

(see Lakens, 2021;Field et al., in press) (see Nosek et al., 2012)

(4) Study and analytic plan pre-registration

(see Soderberg et al., 2021; Toth et al., 2021)

(5) Promoting alternate submission options
(see Aguinis et al., 2020; Woznyj et al., 2018)
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Examples of Open Science Practices

Psychological Inguiry, 23: 217-243, 2012 \P Psychok)gy Press
Copyright © Taylor & Francis Group, LLC Toyior & Francis Croup
ISSN: 1047-840X print / 1532-7965 online

DOIL: 10.1080/1047840X.2012.692215

TARGET ARTICLE

Scientific Utopia: I. Opening Scientific Communication

Brian A. Nosek H 1
Department of Psychology, University of Virginia, Charlottesville, Virginia (8) R e m OVI n g p a.yWa.l | S tO I n C re aS e aC C e S S
Yoav Bar-Anan (see Nosek et al., 2012)

Department of Psychology, Ben-Gurion University, Beer Sheva, Israel

Existing norms for scientific communication are rooted in anachronistic practices of
bygone eras making them needlessly inefficient. We outline a path that moves away
from the existing model of scienrific commumcanon to improve the efficiency in meer-
ing the purpose of public k ac larion. We call for six changes:
(a) full embrace of digital communication; (b) open access to all published research;
(c) disentangling publication from evaluation; (d) breaking the “one article, one
Journal” model with a grading system for evaluation and diversified dissemination
outlets; (e) publishing peer review; and (f) allowing open, continuous peer review. We
address conceptual and practical barriers to change and provide examples showing
how the suggested practices are being used already. The critical barriers 1o change
are not technical or financial; they are social. Although scientists guard the status
quo, they also have the power to change ir.
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Examples of Open Science Practices

(1) Sharing data and analytic files (6) Transparent review process

(see Field et al., in press) (Kohler et al. 2020; Zhang et al., 2020)

(2) Justifying statistical significance thresholds  (7) Utilizing open access interfaces (e.g., metaBUS)
(see Lakens et al., 2016) (see Bosco et al., 2020)

(3) A priori sample size estimation (8) Removing paywalls to increase access

(see Lakens, 2021;Field et al., in press) (see Nosek et al., 2012)

(4) Study and analytic plan pre-registration (9) Implementing new reward systems

(see Soderberg et al., 2021; Toth et al., 2021) (see Nosek et al., 2012)

(5) Promoting alternate submission options
(see Aguinis et al., 2020; Woznyj et al., 2018)
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PREREGISTERED

(9) Implementing new reward systems

(see Nosek et al., 2012)

OPEN DATA OPEN MATERIALS
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PLOS ‘ BIOLOGY

META RESEARGH ARTICLE
Badges to Acknowledge Open Practices: A
Simple, Low-Cost, Effective Method for
Increasing Transparency

Mallory C. Kidwell' *, Ljiljana B. Lazarevié?, Erica Baranski®, Tom E. Hardwicke®,

Sarah Piechowski®, Lina-Sophia Falkenberg®, Curtis Kennett®, Agnieszka Slowik”,

Carina SOnnleitaer’, Chelsey Hess-Holden®, Timothy M. Errington’, Susann Fiedler®,
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Examples of Open Science Practices

(1) Sharing data and analytic files (6) Transparent review process

(see Field et al., in press) (Kohler et al. 2020; Zhang et al., 2020)

(2) Justifying statistical significance thresholds  (7) Utilizing open access interfaces (e.g., metaBUS)
(see Lakens et al., 2016) (see Bosco et al., 2020)

(3) A priori sample size estimation (8) Removing paywalls to increase access

(see Lakens, 2021;Field et al., in press) (see Nosek et al., 2012)

(4) Study and analytic plan pre-registration (9) Implementing new reward systems

(see Soderberg et al., 2021; Toth et al., 2021) (see Nosek et al., 2012)

(5) Promoting alternate submission options (10) Encouraging replications

(see Aguinis et al., 2020; Woznyj et al., 2018) (see Ebersole et al., 2020; Open Science Framework, 2015)
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Highways and Byways:
The Open Science Infrastructure

Number of
Open Science tools
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Highways and Byways:
The Open Science Infrastructure

* Open Science Guidelines

« Transparency and Openness Promotion (TOP) guidelines (see Nosek et al., 2015)
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The Open Science Infrastructure

* Open Science Guidelines

« Transparency and Openness Promotion (TOP) guidelines (see Nosek et al., 2015)

* Revised reporting standards (appelbaum et al., 2018)
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Highways and Byways:
The Open Science Infrastructure

* Open Science Guidelines
« Transparency and Openness Promotion (TOP) guidelines (see Nosek et al., 2015)
* Revised reporting standards (appelbaum et al., 2018)

 SIOP’s Committee for the Advancement of Professional Ethics (cape: see hitps:/mww.siop.orgiCareer-

Center/Professional-Ethics)
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Highways and Byways:
The Open Science Infrastructure

* Open Science Guidelines
« Transparency and Openness Promotion (TOP) guidelines (see Nosek et al., 2015)

* Revised reporting standards (appelbaum et al., 2018)

 SIOP’s Committee for the Advancement of Professional Ethics (cape: see hitps:/mww.siop.orgiCareer-

Center/Professional-Ethics)

» Flagship journals are now encouraging (and in some cases are requiring) researchers

to engage in certain open science practices
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Highways and Byways:
The Open Science Infrastructure

* Open Access Platforms

* Open Science Framework (https://osf.io/)
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Highways and Byways:
The Open Science Infrastructure

* Open Access Platforms

* Open Science Framework (https://osf.io/)

» Hypergraph (http://www.hypergraph.xyz)

» Statcheck (http://statcheck.io/)

* GRIM: Granularity Related Inconsistent Means (https://osf.io/3fcbr/)

« metaBUS (https://www.metabus.orq)

 Meta-Sen (https://metasen.shinyapps.io/genl/)
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Potential Folly of Open Science

* Increased transparency and rigor may come at the expense of serendipitous

d ISCOVG ry (see Leavitt, 2013)

* Requiring data sharing may deter members of sensitive populations (e.g.,

marginalized employees in the workplace) from participating in studies ca =

Wessel, 2013)

» Studies that adhere to certain open science practices may be perceived as

being “messier” than traditional studies
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Potential Folly of Open Science

» Feasibility concerns eseesanks eta. 2019

» Science-publishing industry generates ~$13 billion annually (see Healy, 2015)

» Publication sales earns the APA and the Academy of Management roughly $13 million

and $3 million each year, respectively (er rs records)
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Limitations of Open Science
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Limitations of Open Science

* Open science is not a panacea
and cannot address all of the
problems inherent to

contemporary research
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Limitations of Open Science

» Open science alone does not
fully address rigor or relevance

issues.

* Open science efforts do not

directly speak to what we study

John Chambers College of

“ WestVKgirﬂaUmversigL Business and Economics



Limitations of Open Science

» Open science alone does not
directly address or improve

statistical power.
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Limitations of Open Science

 Law of unintended

consequences
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Conclusion

* The 2010s revealed a painful truth
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Conclusion

* The 2010s revealed a painful truth

The “crisis” experienced across the psychological sciences could be traced back to

decades of loyalism to indoctrinated SyStems (see chambers, 2017; Giner-Sorolla, 2012)

Broadly speaking, psychological scientists got lost in the excitement of novel discovery

and, in the process, ran the risk of losing their legitimacy (sedeian et al., 2010; Tihanyi, 2020).

'w o : 2 John Chambers College of
- WestVirginiaUniversity.

Business and Economics




Conclusion

« Simply put, in the last 10 years, we have come to learn that many of the
challenges facing psychological scientists are systemic and cultural,

which means that they can likely be addressed through prudent

|nte rve ntlon (Munafo et al., 2017; Washburn et al., 2018)
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Conclusion

« Simply put, in the last 10 years, we have come to learn that many of the
challenges facing psychological scientists are systemic and cultural,
which means that they can likely be addressed through prudent

|nte rve ntlon (Munafo et al., 2017; Washburn et al., 2018)

* Open science is one possible treatment for these problems, but its

effectiveness is not guaranteed.
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Conclusion

 We can all play a part in the

movement
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Conclusion

 We can all play a part in the

movement

* “ltis time for that to Change” (Thau & Moore, 2020)
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Conclusion

 We can all play a part in the

movement
* “ltis time for that to Change” (Thau & Moore, 2020)

» Future research will determine if open

science is a worthwhile endeavor
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Thank you for attending today!

Remember...

You can find this presentation and some other potentially helpful
resources at:

[amiefield.qgithub.io/research/gmu2021
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Questions?
Comments?
Complaints?

Feel free to follow up with me...

lames.field2@mail.wvu.edu

u @fieldjamie

() jamiefield.github.io
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